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Analysis of Lumpy Skin Disease in Cattle Using Convolutional Neural Network Techniques
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Abstract

This research aims to (1) develop a Convolutional Neural Network (CNN) model for analyzing
Lumpy Skin Disease in cattle and (2) evaluate the model's accuracy in diagnosing the disease, focusing on
distinguishing between infected and non-infected cattle images. The study utilized a dataset of 3,448
cattle images sourced from Kaggle, divided into a training set of 2,511 images (including 1,012 infected
and 1,499 non-infected images) and a testing set of 937 images (comprising 421 infected and 516 non-
infected images). The results showed that the developed CNN model could accurately classify images
with an accuracy of 89.46%), demonstrating its potential application for preliminary screening in livestock
farms. However, future development should focus on enhancing the model to operate in real-time and
expanding its detection capabilities to cover other related diseases. This research significantly contributes
to the development of efficient animal health monitoring systems on farms, which could help reduce the

risk of disease outbreaks and mitigate economic impacts on the livestock industry.

Keywords: Lumpy skin disease, Convolutional Neural Network (CNN), Livestock disease detection,

DenseNet121
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P
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y_pred_classes = (y pred > 8.5).astype(int).reshape(-1)

# dnnalrnuwiug
accuracy = np.sum(y_pred_classes == y_test) / np.size(y_pred_classes)
print("Accuracy on testing dataset: {:.2f}%".format(accuracy * 108))
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Accuracy on testing dataset: 89.46%
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Class Percentages:

Class

healthycows 92.621359
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(Layers) (Parameters) (Input Size) (Accuracy)
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